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Abstract

In this paper, we show how we can deploy machine learning techniques in the context
of traditional quant problems. We illustrate that for many classical problems, we can
arrive at speed-ups of several orders of magnitude by deploying machine learning
techniques based on Gaussian process regression. The price we have to pay for this
extra speed is some loss of accuracy. However, we show that this reduced accuracy is
often well within reasonable limits and hence very acceptable from a practical point of
view. The concrete examples concern fitting and estimation. In the fitting context, we fit
sophisticated Greek profiles and summarize implied volatility surfaces. In the
estimation context, we reduce computation times for the calculation of vanilla option
values under advanced models, the pricing of American options and the pricing of

exotic options under models beyond the Black-Scholes setting.
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Notes

T Matrix inversion is often implemented via a Cholesky decomposition

(Benoit 1924, Rasmussen and Williams 2006), which is more stable than actually
inverting the matrix. For small matrices, i.e. small values of n, ordinary matrix inversion
can be performed. For the results in this paper we used the Matlab functions fitrgp and
predict. However if the dimension increases, special techniques need to be deployed.
We mention LU-factorization and blockwise Cholesky decomposition, which aim at
solving traditional memory problems that one encounters when inverting large
matrices. For future work we will employ Cholesky and blockwise Cholesky routines to

handle problems with many more data points.

Tt K = rate of mean reversion, p = correlation stock - vol, 6 = vol of vol, n = long run

variance, = initial variance.

t For each parameter combination, the same random numbers are used to construct

the 100 000 Heston-based price paths of the underlying.

Related research @

People also read Recommended articles Cited by
105


https://www.tandfonline.com/keyword/Machine+learning
https://www.tandfonline.com/keyword/Gaussian+processes
https://www.tandfonline.com/keyword/Derivative+pricing
https://www.tandfonline.com/keyword/Hedging
https://www.tandfonline.com/keyword/Volatility+surface
http://orcid.org/0000-0002-0033-9077

Information for Open access
Authors Overview

R&D professionals Open journals
Editors Open Select
Librarians Dove Medical Press
Societies F1000Research
Opportunities Help and information
Reprints and e-prints Help and contact
Advertising solutions Newsroom
Accelerated publication All journals
Corporate access solutions Books

Keep up to date

Register to receive personalised research and resources
by email

QSignmeup
oM
i o ¥¢|

an informa business

Copyright © 2025 Informa UK Limited Privacy policy Cookies Terms & conditions eTaylor&Frands Group

Accessibility

Registered in England & Wales No. 01072954
5 Howick Place | London | SW1P 1WG



https://authorservices.taylorandfrancis.com/
https://taylorandfrancis.com/who-we-serve/industry-government/business/
https://editorresources.taylorandfrancis.com/
https://www.tandfonline.com/page/librarians
https://www.tandfonline.com/societies
https://www.tandfonline.com/openaccess
https://www.tandfonline.com/openaccess/openjournals
https://www.tandfonline.com/openaccess/openselect
https://www.tandfonline.com/openaccess/dove
https://www.tandfonline.com/openaccess/f1000
https://taylorandfrancis.com/who-we-serve/industry-government/marketing/
https://taylorandfrancis.com/partnership/commercial/advertising-solutions/
https://taylorandfrancis.com/partnership/commercial/accelerated-publication/
https://taylorandfrancis.com/who-we-serve/industry-government/business/purchasing-options/
https://help.tandfonline.com/
https://newsroom.taylorandfrancisgroup.com/
https://www.tandfonline.com/journals?&pageSize=3000
https://www.routledge.com/
https://taylorandfrancis.formstack.com/forms/tfoguest_signup
http://facebook.com/TaylorandFrancisGroup
https://twitter.com/tandfonline
http://linkedin.com/company/taylor-&-francis-group
https://www.youtube.com/user/TaylorandFrancis
http://www.weibo.com/tandfchina
https://bsky.app/profile/tandfresearch.bsky.social
https://www.informa.com/
https://informa.com/privacy-policy/
https://privacy.informa.com/trackers/en/
https://www.tandfonline.com/terms-and-conditions
https://www.tandfonline.com/accessibility
http://taylorandfrancis.com/

